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Abstract—Political text translation presents unique challenges requiring precise ideological expression, cultural
sensitivity, and terminological consistency—aspects that extend beyond conventional linguistic accuracy. While
ChatGPT demonstrates growing capabilities in machine translation tasks, its performance in specialized
political discourse remains underexplored. This study evaluates ChatGPT's Chinese-to-English translation
quality using the 2023 Chinese Government Work Report, employing both BLEU metrics and human
assessment across three criteria: syntax and grammar, cultural and ideological accuracy, and fluency and
coherence. Three experienced translators evaluated ChatGPT's translations using a 6-point scale, while BLEU
scores provided automated evaluation. Results reveal a significant contradiction: while BLEU scores remained
low (0.31-0.37), human evaluation showed moderate performance with notable variations across criteria.
ChatGPT achieved the highest scores in fluency and coherence (5.53 average) but struggled significantly with
cultural and ideological accuracy (4.43 average), particularly in preserving political terminology precision and
contextual appropriateness. Critical issues include generic translations of politically specific terms and
inadequate handling of culturally embedded expressions. The study's key finding demonstrates that BLEU
evaluation alone is fundamentally insufficient for assessing political text translation quality due to single-
reference constraints and inability to capture ideological nuances. Our findings highlight the limitations of
BLEU in evaluating politically nuanced texts and underscore the necessity of human evaluation for meaningful
assessment of specialized domain translation. This research contributes to understanding Al translation
capabilities in political discourse and provides evidence-based recommendations for developing more
appropriate evaluation frameworks for specialized translation domains.

Index Terms—BLEU, ChatGPT, machine translation, machine translation evaluation

[. INTRODUCTION

ChatGPT, a conversational Large Language Model (LLM), has demonstrated remarkable capabilities in machine
translation (MT) tasks despite not being specifically designed for translation purposes (Jiao et al., 2023). While empirical
evidence indicates that LLMs can achieve translation quality comparable to or surpassing dedicated systems such as
Google Translate and DeepL (Lee et al., 2023), significant research gaps remain in understanding their performance across
specialized domains.

Currently, most MT research focuses on assessing English-to-Chinese translation (Liu & Zhu, 2023), with limited
systematic examination of ChatGPT's translation quality in the reverse direction. More critically, there exists a notable
scarcity of research comprehensively analyzing translation quality for Chinese-English political document translations
(Liu & Zhu, 2023; Wu, 2023). This research gap is particularly significant because political texts present unique
challenges that extend beyond linguistic accuracy to encompass ideological precision, cultural sensitivity, and
terminological consistency (Du, 2025). Political documents, such as Government Work Reports, contain specialized
terminology, complex syntactic structures, and culturally embedded expressions that test the boundaries of Al translation
capabilities. Understanding how conversational Al models handle such texts is crucial for both theoretical advancement
in MT research and practical applications in cross-cultural political communication.

Research Questions

RQ1: What are the performance characteristics, strengths, and limitations of ChatGPT in translating Chinese political
texts to English?

RQ2: What are the relative strengths and weaknesses of BLEU evaluation versus human assessment in evaluating
ChatGPT's translations of politically nuanced documents?

This study employs a dual evaluation approach combining BLEU metrics with human assessment, particularly suited
for political domain translation evaluation. BLEU provides quantitative, replicable measurements essential for systematic
comparison and benchmarking in MT research (Papineni et al., 2002). However, political texts demand evaluation beyond
surface-level lexical similarity. The political domain requires precise ideological expression, cultural appropriateness, and
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contextual accuracy—aspects that automated metrics cannot adequately capture. Human evaluation becomes
indispensable for assessing semantic nuances, pragmatic coherence, and cultural sensitivity inherent in political discourse
(Jiang et al., 2024). By comparing the insights provided by both methodologies, this study examines their respective
capabilities and limitations in political text translation evaluation, rather than relying solely on either approach.

Taking the translation of the 2023 Chinese Government Work Report (CGWR) as a case study, this research evaluates
ChatGPT's translation quality in political texts through this integrated assessment approach. The study's significance lies
in advancing our understanding of Al translation capabilities in specialized domains and informing the development of
more effective human-Al collaboration in translation processes.

The rest of the manuscript is organized as follows: Section 2 provides a comprehensive literature review examining
ChatGPT's capabilities, BLEU evaluation metrics, and existing research on ChatGPT's translation performance. Section
3 provides the proposed methodology by taking into consideration the factors of automatic evaluation and human
evaluation. Section 4 discusses the obtained results and their implications for both research questions, with a detailed
analysis of ChatGPT's performance across different evaluation criteria. Finally, section 5 presents conclusions and
highlights the future work perspective.

II. LITERATURE REVIEW

A. ChatGPT Overview

Al adeptly manipulates electromagnetism's characteristics for text processing, achieving remarkable success and
frequently yielding results that closely resemble those achievable by human beings (Floridi, 2023). This observation
highlights the potential of AI models such as ChatGPT to generate translations that closely resemble those produced by
humans. However, the question remains whether this general linguistic capability translates effectively to specialized
domains, particularly politically nuanced texts. The Al chatbot application ChatGPT, developed by OpenAl, an American
Al laboratory, has ignited extensive scholarly discourse. While preceding Large Language Models (LLMs) demonstrated
proficiency in diverse NLP tasks, ChatGPT distinguishes itself from those models by functioning as an Al chatbot
designed explicitly for dialog, exhibiting notable competence in engaging human interlocutors through conversation
emulation (De Angelis et al., 2023). This conversational foundation raises important questions about its suitability for
formal translation tasks, particularly in contexts requiring precision and cultural sensitivity.

According to Mattas (2023), as an Al conversational model, ChatGPT, distinguished by its substantial and expansive
advantages, constitutes a notable milestone in Al language processing. Nonetheless, these advancements prompt
significant inquiries concerning ChatGPT's ability to address domain-specific complexities, particularly those inherent in
Chinese Government Work Reports (CGWRs). ChatGPT has solidified its position as a preeminent language model on a
global scale because of its noteworthy proficiency across diverse language-related tasks and benchmark assessments
(Chen et al., 2021). ChatGPT employs a transformer-driven design, enabling it to grasp various languages' nuances and
grammatical frameworks. This architectural foundation provides the basis for its translation capabilities, yet also reveals
potential limitations when processing specialized political discourse.

The significance of ChatGPT extends beyond technical capabilities. Zhu and Wang (2023) point out that ChatGPT
represents the third revolutionary product to humanity, following the internet and smartphones, potentially initiating a
"Cognitive Revolution" that could reshape various industries. In contrast to conventional rule-based approaches, ChatGPT
can acquire knowledge from an extensive collection of textual sources such as books, articles, and websites, producing
contextually appropriate results and adhering to grammatical rules (Zhu, 2023). ChatGPT has demonstrated versatility
across various domains, including education, medicine, and customer support, underscoring its broad applicability in NLP
tasks (Alawida et al., 2023; Antaki et al., 2023; Ray, 2023). Despite its impressive capabilities, it is imperative to
acknowledge that ChatGPT remains fundamentally an Al tool, with inherent limitations that necessitate human
intervention and revision (Evans, 2023; Khoshafah, 2023).

B. BLEU in Machine Translation Evaluation

The performance of MT systems has conventionally been evaluated using quantitative metrics, with the BLEU
(Bilingual Evaluation Understudy) metric being one of the most widely utilized. Proposed by Papineni et al. (2002),
BLEU assesses translation quality by measuring the degree of n-gram overlap between candidate translations and
reference translations, while incorporating a brevity penalty to address the issue of excessively concise outputs. The
BLEU metric evaluates adequacy by assessing word-level precision and fluency through the calculation of n-gram
precision forn=1, 2, 3, 4 (Lavie, 2011). According to Marie et al. (2021), BLEU scores were reported in 98.8% of MT
studies, with 74.3% of these studies relying exclusively on BLEU as the sole evaluation metric for assessing MT system
performance. Its replicability and simplicity have solidified its position as a benchmark in the field. However, BLEU
exhibits significant limitations, primarily due to its emphasis on surface-level lexical similarity while overlooking deeper
syntactic and semantic subtleties (Lee et al., 2023), which necessitates the integration of human evaluation approaches.

BLEU is categorized as a reference-based n-gram metric, similar to NIST (Doddington, 2002) and METEOR (Banerjee
& Lavie, 2005), all of which emphasize surface-level lexical similarity. Although these metrics are efficient and widely
used, their dependence on exact word or phrase matching limits their ability to capture deeper syntactic and semantic
features in translation (Han & Lu, 2025). The implications of these limitations are particularly significant for politically
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and culturally sensitive texts, where translation quality extends beyond lexical accuracy to encompass contextual
appropriateness, ideological precision, and cultural sensitivity. In such contexts, context, tone, and implicit meaning are
critical that surface-level metrics cannot adequately assess. To address this, Human evaluations offer essential insights
into contextual and semantic accuracy, pragmatic coherence, and stylistic appropriateness, serving as a valuable
complement to the quantitative analysis provided by BLEU metrics. This integrated methodology facilitates a more
nuanced analysis, especially in the context of politically sensitive texts, where reliance solely on lexical alignment proves
inadequate.

C. ChatGPT’s Performance in Translation

In the field of language translation, ChatGPT can accurately translate one language into another in real time, enabling
seamless communication and exchange between different languages (Kalla & Smith, 2023). Users can input the text or
voice they need to translate, and ChatGPT, a general NLP model, can automatically translate it into another language
(Larroyed, 2023). This capability is particularly noteworthy given that ChatGPT was not specifically designed as a
translation tool, raising important questions about the transferability of general linguistic competence to specialized
translation tasks.

Empirical studies have documented particularly strong performance in several key areas. Khoshafah (2023)
demonstrated that GPT-4 significantly improved ChatGPT's translation performance, rivaling commercial tools even for
distant languages. ChatGPT has excelled in translation in specific fields, especially Chinese-English translation of
technical, economic, and medical texts (Feng, 2024). Compared to Google Translate, ChatGPT generally produces more
accurate Arabic—English translations with fewer revisions (AlAfnan, 2025). According to Rizki and Masykuroh (2024),
ChatGPT's translation of Harry Potter uses a variety of translation strategies and shows high accuracy, especially in the
use of related words for paraphrasing (62%). This study demonstrates the potential of ChatGPT in handling complex
literary translation tasks. A comparative study by Jiang and Zhang (2024) showed that ChatGPT received a positive rating
from human evaluators in Chinese diplomatic text translation when presented with contextual cues.

However, significant challenges emerge when examining ChatGPT's limitations across different contexts and domains.
Jiao et al. (2023) assert that while GPT models can generate natural language, their performance in MT remains
underexplored. Park and Eunsil (2023) indicate that ChatGPT possesses a greater comprehension and interpretation of
the source text's meaning and purpose than current MT, despite achieving a different level of completeness than human
translations. In conversational domains, ChatGPT excels by producing spoken language that is more natural and diverse
(Hendy et al., 2023; Jiao et al., 2023), yet its performance in translating politically nuanced texts has not been sufficiently
investigated.

The limitations of ChatGPT become particularly evident when examined systematically. While ChatGPT can correct
errors, it often displays overconfidence in inaccurate outputs, excessive verbosity, and sensitivity to input phrasing (Azaria,
2022; OpenAl, 2022). Although effective for high-resource languages, performance declines for distant language pairs
(Peng et al., 2023) and in specialized domains such as biomedical and ICT terminology (Zhao et al., 2023). Aratjo and
Aguiar (2023) insist that while ChatGPT demonstrates potential as a resource for conducting individual translation
assessments, its appropriateness for extensive and rigorous evaluations may be limited. They agree that prudence is
advisable when considering ChatGPT as the sole basis for translation appraisals within formal contexts. Research
conducted on Vietnamese translation, ChatGPT shows no clear advantage and struggles with specialized terminology and
grammatical understanding (Yang et al., 2023). Puppel (2025) evaluated ChatGPT’s translation of creative texts from
English to German and found that, despite high overall quality, notable errors in style and fluency remained, necessitating
human post-editing. Karabayeva and Kalizhanova (2024) identified that although ChatGPT demonstrated acceptable
accuracy when processing relatively straightforward textual segments, significant shortcomings were observed in its
handling of translating metaphors, similes, rhymes, and segmented sentences. GPT models demonstrate a high level of
translation quality in languages with abundant linguistic resources, whereas their proficiency substantially diminishes
when confronted with languages characterized by a dearth of linguistic resources (Hendy et al., 2023).

Despite extensive research on ChatGPT's general translation capabilities, several critical gaps remain. First, a
systematic investigation of its performance with politically nuanced texts is insufficient, as such texts demand not only
linguistic accuracy but also retention of tone, intent, and contextual meaning. Second, how conversational Al models
perform in formal, specialized domain translation, particularly high-stakes government documents, remains unexplored.
Third, existing studies focus primarily on general-purpose translation, with limited attention to political discourse
challenges, including ideological precision and cultural sensitivity.

Assessing ChatGPT's translation capabilities and limitations comprehensively is of paramount importance and
necessity. This is not only an unparalleled challenge that the translation industry has to confront (Cheng et al., 2023), but
also a reality that many translation students and language professionals need to be aware of. Feng (2024) points out that
the translations generated by ChatGPT may reflect certain ideological biases, particularly a bias towards left-wing
economic views, which challenge the objectivity of translations in politically sensitive contexts. This study investigates
ChatGPT's translation performance on CGWRs through a dual evaluation approach combining BLEU metrics and human
assessment. Rather than seeking correlation between these approaches, this study examines their respective capabilities
and limitations in evaluating political text translation quality, providing insights into the adequacy of current evaluation
methodologies for specialized translation domains.

©2025 ACADEMY PUBLICATION



4020 THEORY AND PRACTICE IN LANGUAGE STUDIES

III. METHODOLOGY

A. Corpus Selection and Data Collection

The CGWR is an official document of the state administrative organ of the government of the People's Republic of
China. As an authoritative governmental normative document, the CGWR provides a comprehensive summary of the
endeavors undertaken in the past year, spanning various facets, including politics, economy, and culture. It represents a
non-literary and paradigmatic political document. The English translation of the CGWR is integral to China's external
propaganda efforts, serving as a vital medium for the international community to understand the country's policy directives
and economic development, highlighting the utmost importance of translation credibility and fidelity (Du, 2023).
Selecting the 2023 CGWR as a case study to evaluate the translation performance of ChatGPT strengthens the analysis
by enhancing its representational and authoritative qualities. The CGWR presents inherent peculiarities, such as
specialized political language and specific governmental terminology. Whether undertaken by ChatGPT or through
manual translation, the process entails specific difficulties and challenges.

This study selects 100 passages from the 2023 CGWR as translation materials for ChatGPT. These passages were
retrieved from the official bilingual document repository of the People's Republic of China (http://www.china.org.cn/),
which provides both Chinese and English versions. As shown in Table 1, we selected the first paragraph, which outlines
the entire CGWR, as a representative sample for Chinese-English translation material. Due to the unique nature of the
selected material, which constitutes a portion of the CGWR, only a singular official English reference is available.

TABLE 1
SOURCE TEXT & REFERENCE
Adapted from http://www.china.org.cn/chinese/2023-07/27/content_85189666.htm

Chinese 20224 SE AN ZK P S BN R — 4. SERI A RIERIETT, g 1 e sort 2 AR
Source Text | {5 5% (i) < W Pl o T X SRR VR S ) [ B B 5 00 L 9 o () [ Y S R R R AT 45, LASTIEF ]
O I 58 Hh SR PR 2 4 IR N IR T L, AR THIVE SEREERI (L . AF R E . AR
FARER, MREWMIETIEE, ST aR-FRRIsT . RRFERPRT. e RBREFRE
s IRER RIS R Z AR 5 BT Bk -

English The year 2022 was a year of great importance in the history of the Communist Party of China (CPC) and
Reference our country. The Party successfully convened its 20th National Congress, during which it drew up an
inspiring blueprint for building China into a modern socialist country in all respects. In the face of high
winds and choppy waters in the international environment and challenging tasks in promoting reform,
development, and stability at home, the Party Central Committee with Comrade Xi Jinping at its core
brought together the Chinese people of all ethnic groups and led them in meeting difficulties head-on. We
acted on the requirements of responding effectively to Covid-19, maintaining economic stability, and
ensuring security in development, and intensified macro regulation. As a result, we stabilized the
economy, steadily enhanced development quality, and maintained overall social stability, securing new
and hard-won achievements in China’s development.

To ensure representativeness and methodological rigor, a stratified sampling strategy was applied in selecting 100
passages from the 2023 CGWR. The number was determined as an optimal balance: fewer passages would risk
insufficient thematic coverage, while substantially more passages would impose impractical demands on human
evaluation without proportionally enhancing insight. Thus, 100 passages provide sufficient statistical robustness for
BLEU analysis while remaining manageable for detailed human assessment. These passages were chosen based on their
thematic diversity, linguistic complexity, and political significance as illustrated in Table 2. Among them, the opening
paragraph was selected as a representative example for in-depth analysis. This paragraph offers a succinct overview of
the report's key themes, thereby serving as an optimal context for illustrating both the translation challenges and strengths
of ChatGPT. Although the analysis focuses on a single paragraph, the systematic selection of 100 passages ensures that
the findings reflect a broad spectrum of the report's content and translation challenges.

TABLE 2
PASSAGES SELECTION CRITERIA
Selection Criteria Description
Thematic Diversity Passages covering various aspects, such as political directives, economic policies, and social

achievements, are included to ensure broad content representation.

Linguistic Complexity Passages with sophisticated sentence structures, specialized terminology, and idiomatic
expressions characteristic of official discourse.

Political Significance Passages related to significant initiatives, strategic goals, or political events, highlighting critical
information.

B. Translation and Evaluation Protocol

In the assessment of MT quality, particularly in the context of ChatGPT, predominant research primarily relies on the
utilization of automated evaluation metrics, such as BLEU (Jiao et al., 2023; Papineni et al., 2002), which is a standard
quality evaluation index for MT (Wang & Mao, 2023). The validity of BLEU was confirmed through empirical evidence,
demonstrating a correlation with human assessments of translation quality in natural language texts (Evtikhiev et al.,
2023). Rafaeli (2021) also proves that BLEU was among the initial metrics to assert a strong correlation with human
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assessments of quality, and it continues to be one of the most widely used automated and cost-effective metrics. The
selection of BLEU as the automatic evaluation metric for this study is attributed to its ease of comprehension, efficiency,
and comparability with other results. While acknowledging the merits of BLEU, it is imperative to integrate human
evaluation into the translation quality assessment. Human evaluation can yield feedback of elevated quality by leveraging
the evaluators' professional expertise, particularly in the context of divergent terminologies or cultural nuances. In contrast
to human evaluation, which is costly and demands substantial human effort, automatic evaluation, while relatively lower
in quality, proves cost-effective and convenient for comparing multiple systems (Chen & Cherry, 2014). Human
evaluation and automatic evaluation mutually complement one another. We combine automatic evaluation and human
evaluation in our study, as illustrated in Figure 1.

Provide Prompts to Generate Three

Translations via Select Representative
ChatGPT

ChatGPT Sample for Analysis
. Human Evaluation Automatic Evaluation
Results & Analysis .
(Criteria-based) (BLEU Scores)

Figure 1. Translation Evaluation Methods Flow

The choice of prompts significantly shapes ChatGPT's responses. To ensure that the responses from ChatGPT remain
unaffected by variations in prompts, we maintain consistency by employing identical prompts for translation tasks. We
selected three translations generated by ChatGPT at different times to serve as case samples for our analysis. For human
evaluation, building on the framework proposed by Aratijo and Aguiar (2023), we developed a domain-specific evaluation
rubric that addresses the unique requirements of political text translation, as summarized in Table 3. These criteria include
syntax and grammar, cultural and ideological accuracy, fluency and coherence with scores ranging from 1 (poor) to 6
(excellent).

TABLE 3
HUMAN EVALUATION CRITERIA
Adapted from Araujo and Aguiar (2023)

Evaluation Criteria Scores (1-6)
Syntax Whether there are grammatical errors in the A score of 1 indicates a severe grammar error.
& translation, and whether the sentence A score of 6 means no grammatical errors.
Grammar structure of the translation is reasonable.
Cultural Whether the translation fully and accurately A score of 1 indicates that political or cultural
& conveys the source information while meaning is severely distorted, with key
Ideological preserving politically charged terminology, ideological terms mistranslated or omitted.
Accuracy ideological nuance, and culturally embedded A score of 6 means full accuracy: the translation
expressions. is precise, politically appropriate, and culturally
faithful to the source text.
Fluency Whether the translated sentence is fluent and A score of 1 indicates very poor fluency and
& coherent. discontinuity.
Coherence A score of 6 indicates excellent fluency and
coherence.

This study represents an exploratory investigation into ChatGPT's performance in specialized domain translation.
While broader generalizability would benefit from expanded sampling across multiple domains and language pairs, the
focused approach allows for in-depth analysis of political text translation challenges.

IV. DISCUSSION AND RESULTS
A. BLEU Evaluation

To commence, the initial step in conducting this study involves providing prompts to ChatGPT, allowing it to acquire
a preliminary general understanding of its translation tasks. The researcher input prompts, providing ChatGPT with
explicit cues and stipulated directives, delineating its prescribed tasks. This approach serves a dual purpose: first, to
observe ChatGPT’s learning capabilities by examining its ability to accurately comprehend input prompts and standards
and apply them to subsequent translations; second, to establish a controlled environment that facilitates a more favorable
context for its task performance. In order to make ChatGPT get better translation results and have a general understanding
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of its translation task, the context of the report is provided in detail in Table 4.

TABLE 4

PROMPTS FOR CHATGPT
The following Chinese part is the Chinese government's report on the background to the Party's 20th
Congress in 2022. The 20th National Congress of the Communist Party of China (CPC) is a national
congress held once every ten years to summarize the work of the previous stage and plan for future
development. At the Party's 20th National Congress in 2022, the CPC Central Committee outlined a
grand blueprint for comprehensively building a modern socialist country. The report sets out the main
expected goals of social and economic development in 2023 and the work priorities for the current year;
the report also mentions the challenges of the international environment and the importance of domestic
reform, development, and stability tasks. Please translate the following Chinese sentences into English to
better understand the content and context of the report.

Prompts

For the automatic evaluation of the translation of ChatGPT, we adopt the BLEU metric to compute sentence-level
BLEU scores. BLEU scores are reported in normalized forms ranging from 0 to 1, with a higher proximity to 1 indicating
a superior quality of the hypothesis. The BLEU scores were obtained by the use of the sentence_bleu function (Papineni
et al, 2002) with smoothing method 7 (Chen & Cherry, 2014) from the NLTK (Natural Language Toolkit,
https://www.nltk.org/) library in Python. Tokenization was performed using nltk.word tokenize to ensure proper
segmentation of words and punctuation. The default 4-gram setting was used without explicit modification. Specifically,
we imported sentence bleu from nltk.translate.bleu score and applied it to hypothetical translations (ChatGPT’s
translations) against reference sentences to obtain sentence-level BLEU scores. The BLEU scores for the three translations
of ChatGPT are presented in Table 5.

TABLE 5
BLEU SCORES
Tl 0.313
T2 0.343
T3 0.372

Analyzing the BLEU scores, it is evident that T3 achieves the highest score at 0.372, followed by T2 with a score of
0.343, while T1 attains the lowest score at 0.313. The BLEU scores, ranging from 0 to 1, show that even T3's highest
score of 0.372 falls significantly below the upper limit, representing relatively low values by conventional MT evaluation
standards. However, these scores primarily reflect the limitations of BLEU evaluation when applied to political discourse
translation rather than indicating poor translation quality. It should be noted that BLEU in this study relies on a single
reference translation, which may underestimate translation adequacy, especially in political discourse. Human assessment
is integrated to establish a more comprehensive evaluation framework. Therefore, the primary evaluation focuses shifts
to human assessment, with BLEU serving as a supplementary reference point while acknowledging its limitations in this
specialized domain.

B. Human Evaluation

In this section, three evaluators (experienced translators with expertise in political discourse) systematically assessed
each of the three translations generated by ChatGPT based on the three predetermined criteria. Each passage was
independently scored by all three evaluators on a 6-point scale, with final scores calculated as the average across
evaluators. Inter-rater reliability was maintained through consistent application of the evaluation rubric. However, formal
statistical analysis of inter-rater agreement was not conducted, representing a limitation of this study. Concurrently, a
meticulous record is maintained for each translation, documenting scores obtained under each evaluation criterion, and
the respective average scores for each criterion are computed. The scores are displayed below in Table 6.

TABLE 6
HUMAN EVALUATION SCORES
Criteria Syntax Cultural Fluency Average
& & &
Grammar Ideological Coherence
Accuracy
T1 4.67 4.3 5.33 4.767
T2 5.33 433 5.67 5.11
T3 5.67 4.67 5.6 5.313
Average 5.223 4.433 5.533

Based on the outcomes of human assessment, it is evident that the results align with the BLEU score. T3 achieved the
highest score among the three translations, with T2 following at 5.11. T1 attained the lowest score at 4.767. Additionally,
an examination of the performance of each translation under distinct evaluation criteria reveals that the fluency and
coherence criterion attained the highest score at 5.533. In contrast, the cultural and ideological accuracy criterion scored
the lowest at 4.433, indicating this as the most challenging aspect for ChatGPT in political text translation. For syntax
and grammar, the score amounted to 5.223.
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(a). Syntax and Grammar

In the domain of syntax and grammar, an examination of the translation "20224F & 3¢ F1 [ 5% [ 5 bW Ay # i) — 42"
reveals a discrepancy in the tense employed among the translations. Both translations, T2 and T3, employ the past tense,
while T1 utilizes the present tense. Given that the Government Work Report serves as a retrospective review and
summarization of the government in the previous year, the usage of the past tense in T2 and T3 aligns with grammatical
appropriateness. The use of the present tense in T1 is, however, misleading and has the potential to confuse the reader, as
it inaccurately conveys events from the preceding year as if they are ongoing or current. It is inconsistent with the
retrospective nature of the report. This issue underscores the difficulty faced by ChatGPT in accurately identifying and
applying contextual temporal markers. When translating
"X PR e TR D R B B AR, 2 S B [ A S R AR B AR 5%, DA ST T [R) A D Ao D 5 o e T 6 i 40 4 [
FIE NBRGMMEG ", T3 translated as "Confronted with a challenging international environment and the arduous tasks
of domestic reform, development, and stability in the face of turbulent waters, the Party Central Committee, with Comrade
Xi Jinping at its core, united and led the people of all ethnic groups across the nation to overcome difficulties", from
which "in the face of turbulent waters" lacks a logically coherent syntactic relationship with the sentence body. The phrase
incorporates an idiomatic expression; however, it lacks a clear grammatical connection to the subsequent clause, resulting
in structural ambiguity. This issue exemplifies ChatGPT's difficulty in achieving syntactic alignment when processing
complex metaphorical expressions that require precise logical integration.

(b). Cultural and Ideological Accuracy

Certainly, based on human evaluation, it is evident that the scores for the criterion of cultural and ideological
accuracy for each of the three translations are notably low, with the average score ultimately reaching the lowest at only
4.433. Upon analyzing the three translations, it was discerned that politically charged terminology and ideological nuances
were not always adequately preserved. For instance, in the translation of “2022 4 ¥ 1 [E 2 [J; 8 AR N 8 B i) — 45,
the term “¢” should be translated as “the Communist Party of China (CPC)” rather than simply “the party”. Given that
it is the opening statement and initial mention in the political report, the complete appellation of the party should be
mentioned. In the context of Chinese political discourse, the term "5%" is uniquely associated with the Communist Party
of China, whose identity holds a central role in the narrative of the Government Work Report. A generic translation, such
as "the party", diminishes this specificity, potentially resulting in misinterpretations among target audiences lacking
familiarity with the political nuances embedded in the source text. This issue underscores ChatGPT's limitations in
handling politically charged terminology in the absence of explicit contextual training. Similarly, although the translations

"epidemic" or "pandemic" for the term “$E 1% are not linguistically wrong, their lack of explicit reference to “Covid-19”

undermines the historical and political accuracy of the report. In the specific context of 2022, “Z 1% refers explicitly to
“Covid-19”, which had profound political, social, and economic consequences worldwide. These examples highlight
ChatGPT’s limitations in handling politically sensitive texts, where cultural and ideological accuracy is as crucial as

grammatical correctness or semantic fidelity.

(c). Fluency and Coherence

Fluency and coherence earn the highest score among the three criteria. However, the challenge also remains. The
representative one is the translation of
"X PR TR D B B AR, 2 S B [ A S R AR B AR 5%, DA ST P [R) A D Ao D 5 o e T 5 40 4 [
Z i N BB " which rendered as "Confronted with a challenging international environment and the arduous tasks
of domestic reform, development, and stability in the face of turbulent waters, the Party Central Committee, with Comrade
Xi Jinping at its core, united and led the people of all ethnic groups across the nation to overcome difficulties". “In the
face of turbulent waters” exhibits a potential impact on the fluency and coherence of the entire sentence, with a lack of
clarity in logical expression. This underscores the challenges encountered by ChatGPT in achieving a balance between
fluency and logical coherence, especially in translations that demand the seamless integration of figurative expressions
with precise contextual meaning.

In the analysis of the translation quality of ChatGPT, an observed phenomenon is the propensity for the translations
generated by ChatGPT to show a degree of solidification in their outputs. The translations exhibit a marked degree of
similarity. Consistencies are observed in sentence structures and vocabulary across all three translations, indicating
minimal variance. Solidification refers to the phenomenon where ChatGPT exhibits a high level of repetition in its
translations when tasked with repeatedly translating the exact source text. This phenomenon can be attributed to the
fundamental architecture of GPT models, which are designed to prioritize the generation of fluent and statistically
probable sequences grounded in patterns observed during pre-training. Although this consistency contributes to
grammatical accuracy and terminological coherence, it simultaneously underscores the models’ limited capacity to
accommodate contextual subtleties and adapt to discourse-specific nuances. As Hendy et al. (2023) explain, despite both
NMT systems and GPT models being grounded in the transformer architecture, key distinctions exist between them. GPT
models showcase exceptional proficiency in natural language generation. A decoder-only architecture characterizes GPT
models, whereas NMT adopts the encoder-decoder framework. GPT models primarily undergo training on monolingual
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data, while NMT models depend on extensive, meticulously curated parallel datasets. These architectural and training
differences help explain why GPT models tend to produce solidified outputs, often lacking the flexibility needed to reflect
pragmatic or contextual variations—an issue particularly critical in the translation of politically nuanced texts.

V. CONCLUSION AND FUTURE WORK

This study provides a comprehensive evaluation of ChatGPT's performance in Chinese-English political text translation,
revealing both notable capabilities and significant limitations. While ChatGPT demonstrates reasonable fluency and
grammatical accuracy, it struggles with political terminology precision and the preservation of cultural-ideological
nuances essential for accurate political discourse translation. Human evaluation results indicate that ChatGPT performs
reasonably well in syntax and grammar and in fluency and coherence, but falls short in accurately conveying political and
cultural specificity. BLEU evaluation alone was found to be insufficient for assessing translation quality, as moderate
scores primarily reflect the metric's limitations, including single-reference constraints, inability to assess ideological
accuracy, and emphasis on surface-level lexical matching. The study also identifies ChatGPT's tendency toward output
solidification, producing highly similar translations across attempts, which limits adaptability to contextual and pragmatic
variations.

The findings highlight several avenues for future research, including the adoption of multi-reference BLEU evaluations
and alternative metrics such as COMET and METEOR to better capture semantic and contextual accuracy. Enhancing
human evaluation reliability through inter-rater consistency analysis and structured evaluator training is also
recommended. Further studies should explore ChatGPT's performance across diverse political text genres and multiple
language pairs, as well as domain-specific fine-tuning and prompt engineering strategies to improve political and cultural
accuracy. Overall, this research underscores the value of a human-Al collaborative approach in political translation, where
Al provides fluent initial translations that require human oversight, and calls for the development of specialized evaluation
frameworks capable of addressing the unique demands of political discourse translation.
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